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Abstract: 
Brand building is one of the steps in a huge process called football globalization. This study aimed to identify 
football players who (owing to their popularity, salaries and market value) should be treated as brands. The 
hypothesis formulated in this study is that the brand of the football player appears when residuals in the 
econometric model are extremely large (for selected player). This means that his theoretical value is biased by an 
additional variable. This hypothesis should be confirmed by the relation of annual earnings of a player to his 
market value. The methodology of this study was based on the feasible generalized least square method (FGLS) 
with full statistical verification. The data obtained from www.transfermarkt.de for 150 most valuable football 
players were used in the analysis. The assumption of taking into account only attacking players was based on 
two basic reasons: 1) for this very homogeneous group, the same main factors influence the player’s market 
value (i.e., there is one set of independent variables), 2) for attacking players, the most spectacular transfers and 
the highest market values of their performance rights are observed. 
Key Words: performance rights, football, valuation, econometrics 

 
Introduction 

The overall size of the European football market has been steadily growing in revenue for many years, 
reaching €28.4 billion in the 2017/2018 season. A total of 55% of this revenue belongs to the “big five” 
European leagues, which include English Premier League, German Bundesliga, Spanish La Liga, Italian Serie A, 
and French Ligue 1 [1]. Financial analysis of the Deloitte Sports Business Group indicates the TOP20 best 
football clubs in the world with the revenues equal €8.3 billion. These clubs, unquestionably, have strong brands. 
To understand the strength of brands, it is enough only to look at the first five football clubs in Deloitte’s 
ranking, i.e., Real Madrid, FC Barcelona, Manchester United, Bayern Munich, and Manchester City. 
Commercial revenues of these five clubs exceeded €3.3 billion in the 2017/18 season [2]. 
Brand building is one of the steps in a huge process called football globalization. Top clubs are well-prepared for 
building their brand, e.g., using fan loyalty to create sub-brand products such as foods, caps, shirts, and towels. 
The biggest clubs recruit best coaches and players (e.g., Mourinho, Ancelotti, Ronaldo and Messi) to increase 
club brand [3]. Such activity is typically a joint venture, i.e., a fusion of brands aimed to increase the importance 
of brands and to generate additional profits. 

According to the text of Bodet and Chanavat [4], a brand is composed of four factors: perceived quality, 
brand loyalty, brand awareness and brand image. The first factor is very easy to identify because it is closely 
related to footballer’s performance on the pitch (goals, assists, tackles and saves). It is not easy to measure 
loyalty; however, indirectly, the strength of loyalty is related to official fan-page followers on social media or 
sale of T-shirts in soccer clubs. Brand awareness and brand image pose the biggest problem. Theoretically, 
Keller [5] defines an image as associations held in customer memory; however, this evaluation requires a 
questionnaire research on a big sample of customers. Therefore, it is crucial to determine whether football 
players can be treated as brands and, if they are, what are the consequences for the value of their performance 
rights. 

Literature review indicates several econometric approaches proposed, among others, by Carmichael, 
Forrest and Simmons [6], Dobson, Gerrard and Howe [7], Lucifora and Simmons [8] and Wicker et al. [9]. The 
need to use quantitative methods to valuate footballers’ performance rights is the result of many analyses. A very 
interesting approach is presented by Lozano and Gallego [10]. They tried to indicate deficits of accounting in the 
valuation process. They determined that the value of acquired players’ transfer rights represents the most 
important asset on the balance sheet of the football club product life cycle (PLC); there was a significant and 
relevant accounting undervaluation in relation to market price, and the total calculations of squads are far higher 
than their accounting values. Other studies, which take into account the problem of performance rights’ 
valuation, are still searching for the factors and methods of estimation [10, 11, 12]. 
This study aimed to identify football players who (owing to their popularity, salaries and market value) should 
be treated as brands. The starting point of this research was the estimation of econometric models of market 
values of the most valuable football players according to www.transfermarkt.de. The residuals of models 
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indicate players (objects) for whom theoretical values deviate from empirical the most. For such objects, it was 
necessary to determine the reason for the existing high values of residuals. In this step, the analysis of salaries 
and market values of players was very helpful. In the next step, the estimation of econometric models was 
replicated; however, an additional variable was added to the set of independent variables, i.e., a dummy variable 
representing a “brand” or “goodwill” of players [14]. 

The hypothesis formulated in this study was that the brand of a football player can be identified by 
econometric model as extremely large residuals. Thus, we compared a list of selected players by econometric 
model with the list obtain using the brand importance ratio (BIR); BIR, de facto, is a proportion of annual 
earnings of a player to his market value. It is important that the BIR ratio is not used to estimate the theoretical 
market value of a football player; instead, it is used only as a confirmation that the player has his own “brand”. 
Theoretically, this ratio can be used as an independent variable in econometric model; unfortunately, its values 
are not available for all players. It is possible to collect the data only for some, mainly the most popular players; 
in addition, low BIR value does not mean the existence of a player’s brand but only its possibility. In fact, these 
data are subjective and used only to confirm that chosen player can be classified as football brand. It was 
assumed that extremely large residuals in classic econometric model (OLS) are caused by a dummy variable, 
which could be referred to as football brand. Thus, if the use of such variable for chosen players in the 
econometric model works, it means that the brand affects the valuation. Examples of BIR ratios for the most 
valuable football players are shown in Table 1. 
 
Table 1. 15 most valuable football players with BIR values for February 2017 

No. Player 
Market value (mil 

EUR)* Annual Salary (mil EUR)** BIR 

1 Lionel Messi 120 75 0.63 

2 Christiano Ronaldo 100 88 0.88 

3 Neymar Jr. 100 35 0.35 

4 Gareth Bale 90 32 0.36 

5 Luis Suarez 90 22 0.24 

6 Antoine Griezmann 80 9 0.11 

7 Robert Lewandowski 80 15 0.19 

8 Paul Pogba 80 20 0.25 

9 Gonzalo Higuaín 75 14 0.19 

10 Eden Hazard 70 18 0.25 

11 Pierre-Emerick Aubameyang 65 5 0.08 

12 Sergio Aguero 65 21 0.33 

13 James Rodriguez 50 21 0.41 

14 Agnel di Maria 50 19 0.39 

15 Mesut Ozil 50 17 0.33 
Note: * - www.transfermarkt.de; ** - https://salarysport.com/football/player 

 
Table 1 contains information about values and salaries of the most valuable football players in February 

2017. Usually, the BIR values of the most valuable players are below 1; this means that clubs that have rights to 
the players could, potentially, have additional profits. Such players may have a brand, which benefits both them 
and their employer. For the players with the BIR value over 1, their brand brings higher profits for the player 
than for the club. Therefore, econometric model can indicate which player brands may significantly affect the 
market value of the player; thus, extremely large residuals in the econometric model indicate significant brands. 
 

Materials and methods  

The methodology of this research was based on the previously proposed econometric models that used 
ordinary least square (OLS) and feasible generalized least square (FGLS) methods with full statistical 
verification (e.g., normality of rests, linearity Lagrange Multiplier and heteroscedasticity tests). In addition, the 
analysis of footballer’s BIR ratio was used as the supporting method to confirm assumptions. 

The data obtained from www.transfermarkt.de for 150 most valuable football players (playing as 
forwards) were used in this research. The assumption of taking into account only the forward players was based 
on two basic reasons. The first reason was that for this very homogeneous group, the same main factors affect 
the player’s market value, i.e., there is one set of independent variables. The second reason was that for the 
forward players, we can observe the most spectacular transfers and the highest market values of their 
performance rights. 
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Transfermarkt is a leading website of transfers and market value of football players in almost all leagues 
in the world. This website is published in thirteen languages. The site offers football-related data such as: 

- scores and results, 
- football player performance data (e.g., goals, assists, cards, entrances on the pitch and substitutions), 
- football news,  
- transfer rumours,  
- estimation of market value at different levels for most professional football leagues. 
This website was launched in 2001; currently, it is one of the most visited websites in Germany. The site 

uses the idea of Surowiecki [15] (called the wisdom of crowds) and allows many individual users to participate 
in building the football players’ market value together with professional sport experts. Many professional sport 
magazines and newspapers in Europe use data published by Transfermarkt. Many studies confirmed the 
estimations of market value published on Transfermarkt because the methodology used by the website is closely 
correlated with calculations of professional analytics and real salaries of football players [16]. The market value 
calculated and published by Transfermarkt became the foundation for several studies of the football transfer 
market in Europe [17, 18, 19, 20, 21]. The hypothetical concept of market valuation by the Transfermarkt service 
was presented in the work of Muller et al. [17]. Figure 1 shows the conceptualization of market value estimation 
at Transfermarkt. 
 

 
Figure 1. Concept of the market pricing process of the Transfermarkt web service 

 
Note: [17] 

The starting point for verification of the main hypothesis formulated in this study was based on models of 
valuation of footballers’ performance rights. Previous studies have shown that the general typology of valuation 
methods can be presented as that shown in Table 2. 
 
Table 2. Typology of methods of footballers’ performance rights valuation 

Type of 
methods 

Experts method Econometric models Numeric methods Methods using 
option models 

Mixed approach 

Data Unknown, based 
on empirical 

experiences of the 
expert 

Sport data, economic 
data, biological data, 
psychophysical data, 
hypothetical market 

values 

Hypothetical market 
values (i.e., 

transfermakt.de) 

Hypothetical 
market values (i.e., 
transfermakt.de), 

OPTA index 
values 

Every available 
data 

Costs Unknown 
(hypothetically 

high) 

Main sources of data 
are free of charge 

Free of charge Data from the 
OPTA index are 

not free 

Main sources of 
data are free of 

charge 
Verification Difficult to verify Comparison with the market value 
Complexity Unknown Easy to use Low level of difficulty Easy to use 

 
Previous studies present many models that are mainly based on the commonly available data from 

numerous internet portals specialising on football games and players that publish characteristics of players and 
games (e.g., market values, number of goals, assists, yellow cards, double yellow cards, red cards and substitutes 
on/off). Some models use more sensitive data that can be obtained in two possible ways: original – as a result of 
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dedicated research (i.e., anthropometric and physical fitness characteristics), secondary – as an exclusive product 
for sale (i.e., values of the OPTA index). 
The Bulletin of Economic Research used the work of Carmichael, Forrest and Simmons [6]. This study, which 
was published in 1999, was the first to use econometric models for the valuation of football players’ 
performance rights. The approach used in the abovementioned study identifies the value of player transfer as a 
function of measurable and non-measurable characteristics of the player and his productivity. The analytical 
form of the model is as follows: 

, (1) 
where: 
Fi – value of the transfer; 
Xi – vector of measurable characteristics and player’s productivity indicator; 
Yi – vector of non-measurable characteristics of a player; 
Zi – vector of characteristics describing quality of the club selling the player. 
Other studies developed several general approaches for estimating this intangible asset, as shown below. 
 Model of Dobson, Gerrard and Howe [7]: 

, (2) 
where Bi is the vector of characteristics of the club that is selling the player. 
 Model of Lucifora and Simmons [8]: 

, (3) 
with the following set of variables: 
ln(Fi) – natural logarithm of revenues related to the player’s football performance; 
X1i – vector of characteristics describing game experience of the player; 
X2i – vector of characteristics describing game performance of the player; 
X3i – vector of characteristics describing game reputation of the player;  
Zi – vector of characteristics describing quality of the club selling the player. 
 Option pricing models – trinomial tree and option pricing models [22] 
  

Discounted cash flow model, where the value of the player is a function of the team [23]. 
In the last 10 years, many models have been developed for characterizing footballers’ performance rights or 
other characteristics that affect the market value of the player. Some interesting approaches, from the point of 
view of this research, are as follows: Wicker et al. [9], Buriamo et al. [24], Kesene [25] or Majewski [26]. 
More recent models are mostly focused on the analytical form of the model. The last propositions can be divided 
into two independent groups that are focused on the analytical form of the equation and the evaluation of 
performance instead of the valuation of performance rights. 

The problem of adequateness of the market value and quality of benefits resulting from the possession 
of intangible assets can be observed in footballer’s labour market. That is why the search for methods to improve 
the competitiveness of football clubs and players is still a current problem that is studied by scientists from the 
point of view of sport economics [27; 28; 29]. Two types of problems are extensively investigated in the 
literature, i.e., talent distribution and effective management of sport contracts. 

The first problem (i.e., talent distribution) is widely described in the work of Kesene [25]. This work 
was focused on the league quality depending on talent investment and its allocation. It suggested that there was a 
divergence between talent investment and talent allocation in the case of profit-maximization goals of the league. 
Another group of researchers (e.g., Buriamo et al. [24]) considered the problem of effective management of sport 
contracts. They determined that a long-term contract is better both for the club and the player because it 
increases the effectiveness of the player, allows to use a player in a team to increase revenue and reduces the 
likelihood of misplaced investment. In contrast to other papers, the econometric model used in this study 
describes football player performance presented by Kicker’s points. After the match, each player is evaluated by 
the experts for the Kicker sport magazine (a popular German sport magazine that is also available on the website 
– www.Kickier.de). Such system of grades is a type of valuation of a player’s job that can be easily transferred 
into money or can be verified by the market value of the player during the season. The model proposed by the 
authors can be expressed by the equation: 

 (4) 
where: 
Log GRit – quality of performance of the player measured by Kicker grades, which (based on salary indicators) 
are determined as the player’s market valuation available in the Kicker magazine [30]; 
YRit – player’s contract length remaining; 
YEit – number of years into the current contract of the player; 
Ait – age of the player; 
Git – number of games started in the current season; 
EXPit – number of years of the contract in the first Bundesliga; 
PCit – number of years in previous Bundesliga clubs; 
pe – position effects; 
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ne – nationality effects; 
se – season effects; 
e – error. 

Variables (position effects, nationality effects and season effects) are represented by dummy variables. The 
first variable is position effects; it assumes that the position on football pitch (forward, midfielder, defender and 
goalkeeper) is essential for the system of grades. The third variable (nationality) is of utmost importance in the 
abovementioned study. The authors divided players into groups of countries, i.e., South America, North 
America, Asia, Africa, Western and Eastern Europe, with Germany as the base category. Based on this division, 
the abovementioned study obtained interesting results. Specifically, 

− compared to equivalent German nationals, Eastern Europeans and South Americans have greater number 
of years of contract remaining and, hence, higher performance grades.  

− Asian players have shorter contract durations remaining and, hence, lower performance grades; they also 
have lower performance owing to contract years remaining. 

The second model type was presented by Wicker et al. [9]. The approach proposed by the abovementioned 
authors solves the first problem of econometric modelling (i.e., adequateness of analytical form, normality of 
rests and homoscedasticity) and the second problem of econometric modelling (i.e., it elaborates the classical 
approach using new variables). The linearized version of the model is as follow: 

 (5) 
where: 
Log(F) – logarithm of the player’s market value; 
AGE – age of the player; 
GERMAN – dummy variable representing the nationality effect (if GERMAN = 1, others = 0); 
HIGH – height of the player (in cm); 
APPEAR – number of appearances in half season; 
TRANSFER – dummy variable (if transfer appears at the end of half season = 1); 
TIME CLUB – time played by the player for the club (in years); 
SP – scoring performance (goals + assists) per minute; 
EFFIC – efficiency (rate) of ball contacts: 

 (6) 

TACK – tackling rate (tackles won/all tackles): 

 (7) 

NAT – dummy variable (if the footballer plays for the national team of the home country = 1); 
NAT TOP – dummy variable (if the footballer plays for the national team of the home country that is one of the 

top in FIFA = 1); 
RUN – average number of intensive runs per game; 
POSITION – dummy variable representing the position of the player in most games of one-half season (central 

defence, left wing defence, right wing defence, defence midfield, right wing midfield, left wing midfield, 
offense midfield and attack); 

TEAM – dummy variable representing teams. 
The authors discovered mainly insignificant and partially negative effects of the effort on logged market 

values based on the fixed effects in the models. Unfortunately, only one interaction (between intensive runs and 
tackling rate) had a significantly positive effect on the market value (logarithm). The results obtained by the 
authors are of interest for sport economics. The article aimed to examine the effect of effort on market values of 
footballers’ performance rights, and the authors set some limitations such as drug cheating, player’s level or a 
short period of time. 

The latest approach for estimating the market value of football players was presented in the work of 
Majewski [14]. The author attempted to build an econometric model using available data by taking into account 
not only the significant relationship between variables but also goodness of estimation parameters, normality of 
rest distribution and homoscedasticity. The model was expressed by the following equation (own description 
based on Majewski [14]): 

, (8) 
CANi – Canadian classification point of the player i; 
TCMVi – total value of the club, where player i plays divided by the position of national team (country of origin) 

of player i in FIFA rating; 
Di – dummy variable representing “goodwill” or “brand” of player i (binary variable). 
First, the author used the FGLS method to solve the problems with estimation. Second, the result was the 
identification of variables with significant impact on the market value of the player. The best approximation was 
obtained for the number of goals and assists as Canadian classification points, the value of the club and position 
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of the country of origin of the player in FIFA rating. The third conclusion of this article was that few players had 
their own brand, which strongly affected the valuation process. Another problem resulting from the market value 
of the player and whole team is the height of athlete salaries. There is a group of articles devoted to this part of 
financial management of the club [30; 31]. One of the largest studies was published in 2017 [17]. The authors of 
the abovementioned study presented a list of indicators that affect the market value of football players’ 
performance rights. Variables were grouped into three categories: athlete characteristics (age, height, position, 
footedness and nationality), athlete performance (playing time, goals, assists, passing, dribbling, duelling, fouls 
and cards) and athlete popularity (news and internet links). Every factor was additionally described by taking 
into account previous studies (literature review). The abovementioned authors proposed the following model of 
market valuation: 

 (9) 
where: 
Pch – player’s characteristics; 
Pperf – player’s performance; 
Ppop – player’s popularity (Wikipedia page views, Google Trends search index, Reddit posts and YouTube 
videos); 
i(t(l)∗ p∗ c)[s] – indexes of player i of team t (in league l) on position p and continent of origin c corresponding 
to the season of observations s; 
Random effects: 
1) ui(t(l)∗ p∗ c)[s] – market values observed for player i over time s;  
2) ut(l) – market values observed for players on the same team;  
3) ul – market values observed for teams in the same league;  
4) up – market values observed for players who play the same position;  
5) uc – market values observed for players from the same continent of origin;  
6) us – market values observed for players in the same season (us); 
εi(t(l)∗ p∗ c)[s] – captures the remaining error. 

The abovementioned authors assumed that the random effects and the error term should be independent 
and normally distributed with mean zero and standard deviation σμ. 

The base for consideration in this research is the econometric model estimated using the FGLS method 
[32]. In the first step, classic econometric model was estimated and verified. The decision to use another 
estimation method to improve results was undertaken after testing properties of estimated models. The second 
step was to identify outliers (objects) that had an abnormally large difference between empirical and theoretical 
values. For these objects, a dummy variable representing a brand has the value of 1; for the rest of the objects, 
the value is 0. Two types of model estimation procedures for equation 8 were analysed: OLS and FGLS. The 
results are presented only for the best approximation. 
 

Results 

Among the models estimated (with different diagnostic variables and methods of estimation) in this 
study, the authors of this study decided to focus on the model proposed by Majewski [14]. The dependent 
variable was the market value of the football player; independent variables were Canadian classification points 
(goals and assists), weighted market value of the club (calculated as the relation of the market value of the club 
divided by FIFA rating points for each player) and dummy variable for football brands (players). The models are 
estimated using FGLS. The econometric model estimated using OLS was verified. 

 
Note: The work is based on the data retrieved from www.transfermarkt.de on February 10, 2017. 

Figure 2. Distribution of market values of the most valuable attackers (offensive players) 
Figure 2 shows the distribution of the dependent variable (market values of players’ performance rights 

in February 2017). It is similar to Pareto distribution; of note, 5% of the most valuable footballers (8 players) are 
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worth €735 million (nearly 23% of the total value of all 150 players). Such concentration of value suggests that 
this group should be treated in a special way (should be excluded from the dataset owing to regression estimation 
problems or should be marked as special values). The linear econometric model (OLS) acquires the following 
parameters (Table 3). 
 
Table 3. OLS model of top 150 forward players’ market value (according to the data from February 10, 2017) 

Variable  Coefficient Standard error t-Student p-value  

const 4.94141 2.17630 2.271 0.0246 ** 

CANi 1.23051 0.137969 8.919 <0.0001 *** 

TCMVi 0.0582079 0.00935479 6.222 <0.0001 *** 

Note: *** – significant at p < .001 
 
Table 4 presents estimation parameters of the OLS model to demonstrate how well this model fits the real data. 
However, really important information is shown in Table 5; this information requires the correct application of 
the OLS model. Three tests were used here: non-linearity for squares [33], White test for heteroskedasticity [34] 
and normality of residuals [35]. 
  
Table 4. Estimation characteristics 

Average value of the dependent 
variable 

26.23667 Standard deviation of the dependent 
variable 

19.75561 

Residuals square 28478.10 Standard error of residuals 13.91864 
R-square coefficient 0.510285 Adjusted R-square 0.503622 

F(2, 147) 76.58719 p-value of the F test 1.63e−23 
Likelihood logarithm −606.3099 Akaike's criterion 1218.620 
Schwarz’s criterion 1227.652 Hannan–Quinn’s criterion 1222.289 

 
Table 5. Testing of the OLS model 

Test Value of statistic p-value 
Non-linearity (squares) LM = 20.7253 3.15907e−05 
White (heteroskedasticity) LM = 38.1553 3.51172e−07 
Normality of residual Chi-square(2) = 26.0443 2.21086e−06 

 
It was decided to confirm marking with dummy variables of each player from the indicated eight players using 
the rests of the multiple regression models (the best one estimated using OLS); the highest rests of the model 
were obtained for the most valuable footballers. The decision which player should be marked as “stand out” (“1” 
in dummy variable), was based on the R-square of FGLS models (the best approximation was for the “1” values 
for the eight most valuable players). The results for the best model are shown in Table 6. 
 
Table 6. FGLS model of top 150 forward players’ market value (according to the data from February 10, 2017) 

Variable Coefficient Standard Error t-Student value p-value 
Cons 13.6475 0.591531 23.0716 <.00001*** 
CANi 0.3838 0.074168 5.1751 <.00001*** 

TCMVi 0.0396 0.004442 8.9053 <.00001*** 
D 59.8482 3.299390 18.1392 <.00001*** 

Note: *** – significant at p < .001 
 
Table 7. Estimation characteristics 

R-square coefficient 0.988773 Adjusted R-square 0.988542 
F(5. 145) 4286.123 p-value of F test 4.5e−142 

Likelihood logarithm −301.0837 Akaike's criterion 610.1673 
Schwarz’s criterion 622.2098 Hannan-Quinn’s criterion 615.0598 

 
Discussion 

The obtained model shows that the dummy variable greatly affects the market value of football players. 
When using this variable in the model, the R-square coefficient went up from 0.63 to 0.988. The other variables 
positively affected the market value of football players; thus, the goals, assists, club value and FIFA rating are 
closely related to the valuation process of the footballer. All independent variables used in econometric 
modelling have statistically significant parameters. 

Owing to the use of dummy variable representing “brand”, the model increases the theoretical value of 
the branded player by approximately €59.85 million, assuming that other variables do not change. This variable 
has the strongest effect on the value of footballers’ performance rights. Thus, it is possible to identify football 
brands using econometric tools, i.e., by analysing the distribution of players’ market values, analysing rests of 
the OLS model, and using a dummy variable (representing brands) in the best model for the pricing process. 
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This study aims to show that econometric models can be used for the identification of the most 
recognized football brands. First, it is essential to identify the best model for the market value of players. Using 
the dummy variables and results of estimation, it is possible to identify the most important brands in European 
football. They are as follows: Lionel Messi, Neymar, Christiano Ronaldo, Luis Suarez, Gareth Bale, Antoine 
Griezmann, Robert Lewandowski and Gonzalo Higuaín (see Table 1 – all of these players are in the TOP15 most 
valuable players). 

It can be argued whether the use of econometric modelling to valuate footballers’ performance rights is 
justified. Taking into account literature review, such approach is proper but not as easy as it seems. The first 
problem is to have a big set of homoscedastic data at disposal to estimate econometric models. However, this is 
not possible owing to the “footballer’s brand” effect for example. The second problem is time, which 
increasingly affects the market value of players. Here, two types of changes observed were – demographic (age 
of a player) and game performance (goals, assists and cards). 

This study allows us to conclude that econometric modelling creates an opportunity to identify football 
players as a “brand”. This significantly affects clubs and their budgets, which (using the proposed model) will 
allow to theoretically (based on dependent variables, independent variables and a fictitious variable) estimate 
whether a specific player acquired for the club is or will become a brand. This is directly related to club revenue. 
Through econometric modelling, it is possible to theoretically determine which players will create the most 
recognizable brands and thus generate profits. 

This study identifies eight players who are brands in European football. They are associated and 
identified with specific clubs, sponsors and actions. This is important for club owners who earn extra income by 
hiring such players. This study used identified attackers (offensive players) who are usually the most 
recognizable to football fans and people not associated with football. It is important that the results obtained by 
econometric modelling (8 players) are not the same as eight highest value transfers in the period considered in 
this study. This creates theoretical possibilities to search for players who will be a brand in the future; thus, the 
value of their contracts is not the highest yet. 

Future research will show whether there is a similar relationship and whether it is possible to use 
econometric modelling for players playing in other positions (mid-fielders, defenders and goalkeepers). For club 
owners, this is certainly an important signal to use theoretical modelling capabilities to change priorities when 
hiring players (by taking into account additional revenues that the club can obtain owing to brands). 
It can be assumed that the use of econometric modelling will allow to better manage football clubs in the 
economic and personal sense in the future.   
 
Conclusions 

The aim of this article was to identify football players who (owing to their popularity, salaries and 
market value) should be treated as brands. Econometric model with dummy variables was used to achieve this 
goal. It was possible to indicate the most important player-brands in European football. They were as follows: 
Lionel Messi, Neymar, Christiano Ronaldo, Luis Suarez, Gareth Bale, Antoine Griezmann, Robert Lewandowski 
and Gonzalo Higuaín. Using “0-1 variables” (i.e., “brands”) in the model, we determined that (for the group of 
eight players) the theoretical value increased by approximately €59.85 million, assuming that other variables did 
not change. 

In addition, the obtained model showed that for offensive players, the country of origin affected their 
market value (this variable was included in the model as an element of the variable, i.e., the total value of club 
where the player plays divided by the position of national team of the player in FIFA rating). The research on 
offensive players will be followed by further research considering other positions on the football pitch. 
 

Conflicts of interest - The author declares no conflict of interest. 
 

References: 
1. Deloitte. (2019). Sports Business Group, World in motion. Annual review of football finance 2019. 

Retrieved from https://www2.deloitte.com 
2. Deloitte. (2019). Sports Business Group, Bullseye. Football money league. Retrieved from 

https://www2.deloitte.com 
3. Gulianotti, R., & Robertson, R. (2004). The globalization of football: a study in the glocalization of the 

‘serious life’. The Brit-ish Journal of Sociology, 55(4), 545-568. https://doi.org/10.1111/j.1468-
4446.2004.00037.x 

4. Bodet, G., & Chanavat, N. (2010). Building global football brand equity. Lessons from the Chinese 
market. Asia Pacific Jour-nal of Marketing and Logistics, 22(1), 55-66. 
https://doi.org/10.1108/13555851011013155 

5. Keller, K.L. (1993). Conceptualizing, measuring, and managing customer-based equity. Journal of 
Marketing, 57(1), 1-22. http://dx.doi.org/10.2307/1252054 



SEBASTIAN MAJEWSKI 
--------------------------------------------------------------------------------------------------------------------------------------- 

---------------------------------------------------------------------------------------------------------------------------- 

JPES ®      www.efsupit.ro  
1759 

6. Carmichael, F., Forrest, D., & Simmons, R. (1999). The labor market in association football: Who gets 
transferred and for how much? Bulletin of Economic Research, 51(2), 125-150. 
https://doi.org/10.1111/1467-8586.00075 

7. Dobson, S., Gerrard, B., & Howe, S. (2000). The determination of transfer fees in English nonleague 
football. Applied Eco-nomics. 32(9), 1145-1152. https://doi.org/10.1080/000368400404281 

8. Lucifora, C., & Simmons, R. (2003). Superstar effects in sport. Evidence from Italian soccer. Journal of 
Sports Economics, 4(1), 35-55. https://doi.org/10.1177/1527002502239657 

9. Wicker, P., Prinz, J., Weimar, D., Deutcher, Ch. & Upmann, T. (2013). No pain, no gain? Effort and 
productivity in professional soccer, International Journal of Sport Finance. 8(2), 124–139 

10. Lozano, F.J.M., & Gallego, A.C. (2011). Deficits of accounting in the valuation of rights to exploit the 
performance of profes-sional players in football clubs. A case study. Journal of Management and Control, 
22(3), 335–357. https://doi.org/10.1007/s00187-011-0135-6 

11. Martín, G. R., García, C. M. M., Rodríguez-López, Á., Sanchez, F. J. G. (2021). Measuring football clubs' 
human capital: analytical and dynamic models based on footballers' life cycles. Journal of Intellectual 
Capital. https://doi.org/ 10.1108/JIC-06-2020-0211 

12. Metelski, A. (2021). Factors affecting the value of football players in the transfer market. Journal of Physical 
Education and Sport 21(2):1150-1155. https://doi.org/10.7752/jpes.2021.s2145 

13. Buzzacchi, L., Caviggioli, F., Milone, F. L., Scotti, D. (2021). Impact and Efficiency Ranking of Football 
Managers in the Italian Serie A: Sport and Financial Performance. Journal of Sports Economics, 
15270025211012053. https://doi.org/ 10.1177/15270025211012053 

14. Majewski, S. (2016). Identification of factors determining market value of the most valuable football 
players. Journal of Management and Business Administration. Central Europe, 24(3), 91-104. 
https://doi.org/10.7206/jmba.ce.2450-7814.177 

15. Surowiecki, J. (2005). The wisdom of crowds. New York, NY, USA: Random House. 
16. Bryson, A., Frick, B., & Simmons, R. (2013). The returns to scarce talent: Footedness and player 

remuneration in European soccer. Journal of Sports Economics, 14(6), 606-628, 
https://doi.org/10.1177/1527002511435118 

17. Muller, O., Simons, A., & Weinman, M. (2017). Beyond crowd judgments: Data-driven estimation of 
market value in associa-tion football, European Journal of Operational Research, 263, 611–624, 
http://dx.doi.org/10.1016/j.ejor.2017.05.005 

18. Felipe, J. L., Fernandez-Luna, A., Burillo, P., de la Riva, L. E., Sanchez-Sanchez, J., & Garcia-Unanue, J. 
(2020). Money talks: team variables and player positions that most influence the market value of 
professional male footballers in Europe. Sustainability, 12(9), 3709. https://doi.org/10.3390/su12093709 

19. Peeters, T. (2018). Testing the Wisdom of Crowds in the field: Transfermarkt valuations and international 
soccerresults. International Journal of Forecast,34, 17–29. https://doi.org/10.1016/j.ijforecast.2017.08.002 

20.     Martín, G. R., García, C. M. M., Rodríguez-López, Á., Sanchez, F. J. G. (2021). Measuring football clubs' 
human capital: analytical and dynamic models based on footballers' life cycles. Journal of Intellectual 
Capital. https://doi.org/ 10.1108/JIC-06-2020-0211 

21.   Patrice, B. (2021). The economics of team sport in Europe: production, monetization, deficit and regulation. 
Management et Organisations du Sport, 2. https://doi.org/10.46298/mos-2021-7060 

22. Tunaru, R., Clark, E., Viney, H. (2005). An option pricing framework for valuation of football players. 
Review of Financial Economics, 14(3-4), 281–295. https://doi.org/10.1016/j.rfe.2004.11.002 

23. Trequattrini, R., Lombardi, R., & Nappo, F. (2012). The evaluation of the economic value of long lasting 
professional football player performance rights. WSEAS Transactions on Business and Economics, 9(4), 
199-218. 

24. Buriamo, B., Frick, B., Hickfang, M., & Simmons, R. (2015). The economics of long-term contracts in the 
footballers’ labour market. Scottish Journal of Political Economy, 62(1), 8-24. 
https://doi.org/10.1111/sjpe.12064 

25.    Kesenne, S. (2015). Revenue sharing and absolute league quality; Talent investment and talent allocation. 
Scottish Journal of Political Economy, 62(1), 51-58. https://doi.org/10.1111/sjpe.12062 

26.    Majewski, S. (2015). Is it a business feeding on emotions or an act of altruism? The case of financing 
football in Poland. Acta Universitatis Lodziensis. Folia Oeconomica, 1(310), 71-85. 
http://dx.doi.org/10.18778/0208-6021.310.06 

27.    Kahn, L. (2000). The sports business as a labor market laboratory. Journal of Economic Perspectives, 
14(3), 75–94. Httpz://doi.org/10.1257/jep.14.3.75 

28.    Rosen, S., & Sanderson, A. (2000). Labor markets in professional sports. Economic Journal, 111, 47–68. 
https://doi.org/10.3386/w7573 

29.    Sloane, P. (2015). The economics of professional football revisited. Scottish Journal of Political Economy, 
62(1), 1-7. https://doi.org/10.1111/sjpe.12063 

30.   Frick, B. (2011). Performance, salaries and contract length: empirical evidence from German soccer. 
International Journal of Sport Finance, 6(2), 87-118. 



SEBASTIAN MAJEWSKI 
--------------------------------------------------------------------------------------------------------------------------------------- 

---------------------------------------------------------------------------------------------------------------------------- 

JPES ®      www.efsupit.ro  
1760 

31.    Idson, T., Kahane, L.H. (2000). Team effects on compensation: an application to salary determination in 
the National Hockey League. Economic Inquiry, 138, 345–57. https://doi.org/10.1111/j.1465-
7295.2000.tb00022.x 

32.   Fomby, T. B., Johnson, S. R., Hill, R. C. (1984). Feasible generalized least squares estimation. In Advanced 
Econometric Methods (pp. 147-169). Springer, New York, NY. 

33.   Breusch, T. S., Pagan, A. R. (1980). The Lagrange multiplier test and its applications to model specification 
in econometrics. The review of economic studies, 47(1), 239-253. https://doi.org/10.2307/2297111 

34.   White, H. (1980). A heteroskedasticity-consistent covariance matrix estimator and a direct test for 
heteroskedasticity. Econometrica: journal of the Econometric Society, 817-838. 
https://doi.org/10.2307/1912934 

35. Jarque, C. M., Bera, A. K. (1987). A test for normality of observations and regression residuals. 
International Statistical Review/Revue Internationale de Statistique, 163-172. 
https://doi.org/10.2307/1403192 

 


